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sampling of it by observational systems creates model and observational error On the l’lght. dynamlcal Interpretation of the patterns below
(Kaplan et al. 2004).

on the resolved scales of variability. The SSV in sea surface height plays a
major role in defining the error pattern of wind-forced ocean simulation and Time-space separation of small-scale sea level height variability
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ERROR MODELS FOR ALTIMETRY AND TIDE GAUGES Small-scale and short-term SSH :
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